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Arterial Pressure (MAP) where MAP Is assumed proportional - - -
( ) Prop Figure 2. MBDOE process as implemented with GRC eye model. Note due to and decrease uncertainty.

to tilt angle. the artificial nature of the experimental data set, a Gaussian process smoothing
was used with the data from Xu et al.[2].
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- Future work will include further
development of these MBDOE processes
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