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Galactic Binaries in LISA Data
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RJMCMC in GW Astronomy
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RJMCMC in GW Astronomy
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Model Everything...
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Model Everything...

Decompose data into signal
and noise contributions
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Model Everything...

Decompose data into signal Output residuals with
- and noise contributions uncertainties...
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Model Everything...

Decompose data into signal Output residuals with :
: N . ...and parameter estimates
- and noise contributions uncertainties...
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What’s new?




What’s new?
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Improved data model
» More flexible noise model

- Time-frequency spectral model Smarter priors

» Parameterized model for confusion  * Hyperparameters for spatial

noise distribution

- Accomodate gaps in data * Informed priors on chirp mass
» Efficiently incorporate new data distribution from population models

* Build priors from previous data, or

EM observations
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Increased sampling efficiency

« Data-driven likelihood-based

proposals...

« and sampler-driven proposals from

preliminary catalogs...

 ...mean RUIMCMC can be used for

model selection
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hat’s new?
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| Galaxy-model prior for sky location

“Malmquist” like SNR prior
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The Big Picture
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