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“Development Seed

Why doesn’t model end up in production? Tropical Cyclone Intensity Estimation Portal

Introduction

We present the development of a deep learning model for
objective estimation of tropical cyclone intensity at a higher
temporal frequency, deployment of the model in production,
design and implementation of the tropical cyclone monitoring and
intensity estimation system and development of an interactive
portal for situational awareness and evaluation of intensity

Deep Learning-based Hurricane Intensity Estimator Storms  About Methodology Help <

A. Trust factor: Al is a black box

B. Transforming Research Al model to Production is difficult
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Features

Hurricane Florence  Class activation map Feature saliency map
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Approach i A. Monitor NHC outlook for “invest” area for trigger
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| . Evaluation

C. Now testing .+ How do you maintain?
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Results i ow do you include new training data? ©. Service APIS
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