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Floodwater mapping is an important remote sensing process that is used for PomizggtgAVSAR Syl e s

disaster response, recovery, and damage assessment practices. Developing a il
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classification will allow for the production of near real-time inundation A | Ciw B P 2 Open Forest Flooded
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radar mounted to a Gulfstream Ill jet. Data collected by UAVSAR is similar to what

will be available from the NASA-Indian Space Research Organization (NISAR)
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mission starting in early 2022.

Using Python and ArcGIS applications, a model was developed using training
samples taken from NOAA post-event aerial photography and UAVSAR data
gathered in the aftermath of Hurricane Florence in September 2018.
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. . . . . was only a 0.5% difference between the pixel being
agricultural fields. image created by the model (right). Blue boxed portions show a noticeable decrease in classified as “urban” or “inundated forest” — something
inundation extent from the beginning to end of the time period. that can be discounted for the sake of continuity.
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