Designing an optimal ensemble strategy for GMAO S2S forecast system
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Why dO we need new ensemb|es for Spatial patterns of perturbations. Span all scales.
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that vary only with season and states separation for ocean and atmosphere variables.

Learning from S2S-1 and S2S-2 Testing various types and combinations of lag/burst..
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Motivation:
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°For sub-seasonal teleconnections improve the ensemble mean skill by n,(N,) are the number of members of the sample (population) i
Increasing ensemble size. stratum h. Each stratum is sampled in proportion to its Stratified
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Explore ideas for GEOS S2S-3:
“The various patterns (eigenvectors) of perturbations and scaling.
“Different combinations of lag and burst.
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