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INTRODUCTION AND BACKGROUND PROBABILISTIC SATELLITE IMAGER-BASED OVERSHOOTING CLOUD TOP DETECTION OT DETECTION PRODUCT EXAMPLE AND VALIDATION

GOAL: Mimic the process used by the human mind to identify overshooting cloud tops using visible & infrared satellite
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Lower Stratosphere (UTLS) region in OT regions which have significant impacts on the Earth Radiation budget and
climate. Weather-related hazards such as heavy rainfall, lightning, aviation turbulence and icing, strong winds,
large hail, and tornadoes are typically concentrated near OT regions.
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Automated Satellite-Based OT Detection

Due to the importance of and hazards associated with OT regions, the NASA Applied Sciences, GOES-R Algorithm
Working Group, and GOES-R Risk Reduction Research Program have supported development of an automated
satellite imager-based OT detection algorithm (Bedka et al. (JAMC, 2010)). This algorithm detects OT signatures
via 1) recognition of IR brightness temperature (BT) patterns present within a thunderstorm anvil consistent with
typical OTs and 2) comparison of IR BT with tropopause temperature from a numerical model analysis to ensure
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